




65% of work-related AI interactions in our data. In our initial attempt to taxonomize
intent, only a small amount of this usage appears to be focused on automation based on
our classification. Instead, usage of AI for non-routine cognitive work is centered on Partial
Drafting and Generation, Review and Refinement, Ideation and Strategy, and Information
Retrieval and Learning. Attempts to automate tasks end-to-end represent less than 10%
of AI conversations in non-routine cognitive work appearing in our data.

4. AI use is not only a white collar phenomenon; it is also assisting in physical
and manual work.

While nearly a third of heavily physical occupations show no observed AI usage, workers
in many manual and technical trades are using AI on the job. In these roles, AI frequently
acts as a hands-on collaborator for diagnostics, troubleshooting, and real-time learning.
We also observe disproportionate multimodal use of AI (i.e., uses that involve images and
video) in these contexts: for example, automotive technicians and industrial mechanics
using AI to interpret complex test results, debug electrical wiring, and inspect machinery
for wear, where the usage rate of multimodal AI is more than 2 times higher than the
overall work baseline.

5. Work-related AI usage correlates strongly with higher wages and education.

In the US workforce, a 1% increase in an occupation’s median earnings is associated with
a more than 2.5% increase in AI usage intensity. Weighted by Gemini conversations,
the median salary across observed occupations is around $83,000, roughly $20,000 higher
than the true employment-weighted national median. This relationship persists even after
controlling for the occupation’s educational attainment (which itself is positively correlated
with AI usage).

6. While wages and expertise are typically correlated in the economy, ATLAS
points to a complex relationship between AI usage and expertise.

When classified according to expertise levels, tasks requiring lower-to-middle levels of
expertise tend to see relatively higher AI usage than the highest expertise level tasks,
despite ATLAS data also suggesting high-earning workers—and therefore those with more
scarce skills and expertise—adopt AI at the highest rates.

7. AI is delivering real utility at home that standard economic metrics may miss.

Over 86% of interactions with conversational AI happen outside of work, and humans’
daily time allocation strongly and positively predicts where people direct their AI questions.
Many of these conversations are in “productive household activities”, including household
management, researching purchases, interior design and help with appliances and tools. If
these household time-savings would average out to just 30 minutes per week, the unpaid
productivity gains in the US alone could be worth approximately $100 billion, using
standard valuation methodologies.

8. AI usage outside of work appears particularly high for high-friction adminis-
trative tasks.

ATLAS data covers a broad set of activities outside of work, and we find that a handful of
high-friction professional and bureaucratic activities exhibit significant over-representation
in the data relative to the actual time spent on them. These activities include interactions
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Figure 2: Using Gemini for Work in Arts and Design Occupations is More Common in
Non-OECD Countries While Computer and Math and Business and Finance Occupations Are

More Common in the OECD

Notes: Gemini shares are derived from interactions aggregated across surfaces (App, AI Mode, API) based on the
user’s country/region and classified into O*NET SOC occupations. This chart compares the broad occupation
group shares in the 38 OECD member countries to non-OECD countries.
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Figure 4: For Occupations with Observed Gemini Usage, Workers Are Generally Using AI for
Less Than One Quarter of Their Tasks

Notes: This chart displays the distribution of task saturation across detailed occupations with non-zero AI
usage. “Task Saturation” is defined as the percentage of O*NET tasks within an occupation that see meaningful
interaction volume (at least 25 unique users globally). Occupations where zero tasks meet this threshold are
excluded. The vertical axis represents a count of occupations, while the horizontal axis states what percentage of
tasks are saturated in those occupations. Gemini shares are derived from interactions aggregated across surfaces
(App, AI Mode, API) classified into O*NET SOC occupations. Military Specific Occupations so those are omitted
and residual detailed occupation categories with titles including “All Other” are excluded for consistency with
other detailed occupation analysis in this section.

Table 2: Occupations With the Most/Least Task Saturation Among Those With Gemini Usage

Least Saturated Most Saturated

Special Education Teachers, Middle School Market Research Analysts and Marketing
Specialists

Kindergarten Teachers, Except Special
Education

Human Resources Specialists

Special Education Teachers, Preschool Software Quality Assurance Analysts and
Testers

Midwives Document Management Specialists

English Language and Literature Teachers,
Postsecondary

Network and Computer Systems
Administrators

Notes: Gemini shares are derived from interactions aggregated across surfaces (App, AI Mode, API) classified into
O*NET SOC occupations. Military Specific Occupations so those are omitted and residual detailed occupation
categories with titles including “All Other” are excluded for consistency with other detailed occupation analysis
in this section. Saturation is defined as the share of all O*NET tasks associated with a detailed occupation where
we observe at least 25 Gemini users. Occupations where zero tasks meet this threshold are excluded.
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Figure 10: Over 86% of Conversational AI Usage Occurs Outside of Formal Work, Dominated
by Leisure, Education, and Household Activities

Notes: This figure shows the global share of conversational AI requests (AI Mode and Gemini App) across major
life activities, classified according to the American Time Use Survey (ATUS) Tier 1 major activity categories
(excluding sleeping). Work conversations shares is inclusive of the share that was considered “work” in the first
step of our pipeline. Non-work interactions account for 86.5% of all AI conversations, with nearly half concentrated
in two domains: Socializing, Relaxing, & Leisure (26.4%) and Education (20.7%). Household Activities (11%),
Personal Care (9%), Consumer Purchases (5.2%), and Professional & Personal Care Services (4.8%) account for
approximately 30% of total usage. Categories accounting for less than 2% of total conversations are grouped
under “Other”.
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Figure 12: Human Time Allocation Strongly Predicts AI Conversation Volume Across Daily
Activities

Notes: This scatter plot illustrates the relationship between the share of human time allocation (x-axis) and the
share of U.S. AI conversations (y-axis) across ATUS Tier 2 (intermediate-level) activity categories, plotted on
logarithmic scales to accommodate broad variations in category size. Each point represents an individual Tier 2
task category (excluding sleeping, working, and uncoded activities). The solid 45-degree line represents exact
parity, where an activity captures the same share of AI requests as human time. Points above the 45-degree
line indicate activities that are over-represented in AI usage relative to human time allocation (e.g., education,
financial/legal/civic services), while points below the line indicate under-represented activities (e.g., physical
grooming, dining). Overall, the positive upward slope demonstrates that human daily time use is a primary
predictor of AI conversations.
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Table 3: Specific Tasks Most Over-Represented in AI Usage vs. Most Under-Represented
Relative to Human Time Use

Most Over-represented Most Under-represented

Research/homework for class for personal
interest

Television and movies (not religious)

Research/homework for class for degree,
certification, or licensure

Eating and drinking

Health-related self care Washing, dressing and grooming oneself

Hobbies, except arts & crafts and collecting Interior cleaning

Comparison shopping Relaxing, thinking

Using other financial services Socializing and communicating with others

Writing for personal interest Food and drink preparation

Computer use for leisure (exc. Games) Taking class for degree, certification, or
licensure

Appliance, tool, and toy set-up, repair, &
maintenance (by self)

Laundry

Vehicle repair and maintenance (by self) Reading for personal interest
Notes: This table lists the top 10 most over-represented and top 10 most under-represented detailed daily activities
(ATUS Tier 3 minor categories) in the United States, ranked by absolute percentage point difference (Gemini
conversation share minus ATUS human time share). Over-represented tasks are predominantly cognitive, research-
intensive, or administrative (e.g., academic homework, comparison shopping, health/financial research). Under-
represented tasks consist of routine physical, or location-specific chores (e.g., watching television, eating/drinking,
personal hygiene, interior cleaning, laundry). Residual catch-all categories ("not elsewhere classified" / n.e.c.),
travel codes, and unobserved niche tasks are excluded.
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Figure 13: Regardless of the Activities Granularity Level, Time Allocation Explains a High
Percentage of the Variance in AI Conversations

Notes: This figure displays linear regression estimates (with robust standard errors) quantifying the positive
relationship between human time use shares and AI conversation shares across ATUS task categories (excluding
work and sleeping). Across both broad (Tier 1/2) and granular (Tier 3) activity levels, human time allocation
strongly and statistically significantly predicts where AI is utilized. At the most aggregate level, human time
use explains nearly 50% of the variance in AI conversations shares (slope = 0.77), and remains highly predictive
even at the most granular task level. These across-the-board correlations seem to suggest that conversational AI
operates as a general-purpose household technology embedded across the full spectrum of daily life rather than a
niche tool confined to specific workflows.
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Figure 15: Across Countries, Higher Income Correlates With More Productive Household AI
Use, While Developing Nations Concentrate Heavily on Education

Notes: This figure presents country-level scatter plots and linear macro trend lines exploring how national income
(Purchasing Power Parity GDP per capita, log-transformed) relates to the distribution of conversational AI usage
across four core life domains: Work & Work-Related, Valuable Household Tasks, Education, and Socializing,
Relaxing, & Leisure. Each data point represents an individual country or territory. Higher national income is
statistically associated with a lower share of work-related AI conversations and a significantly higher share of
productive household task assistance. Notably, while Education represents a large share of AI use across all
economies, it captures an even more dominant share of AI conversations in lower- and middle-income developing
countries, highlighting AI’s role in expanding educational access and learning support globally.
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Figure 16: Two Decades of Household Time Reallocation Reveal Some Shifts Toward Digital
Leisure and Home Management and Away from Socializing

Notes: This figure displays the top 10 largest increases (green bars) and top 10 largest decreases (red bars) in
average daily human time allocation (raw minutes per day) across granular ATUS Tier 3 activities between 2003
and 2024 (excluding sleeping and market work). The historical data illustrate some shifts in domestic life prior to
and during the digital era, such as rising time spent on computer use for leisure, pet care, and physical fitness,
alongside declines in traditional social communication, reading and routine household chores.

Figure 17: AI Assistance Concentrates in Education, Services, and Household Management
Rather Than Physical Domestic Chores

Notes: This figure compares AI conversation shares against ATUS human time allocation across the 10 most
over-represented and 10 most under-represented intermediate (Tier 2) activity domains (excluding work and sleep).
The dumbbell plots highlight the gap between human time allocation and AI consultation. Relative to human
time, AI is heavily sought out for knowledge-intensive and organizational activities such as education, financial
and legal services, and practical household management. Conversely, AI is least utilized for direct physical and
location-bound domestic activities, including food preparation, housework, and personal grooming. These patterns
demonstrate where AI currently acts as a high-leverage complement across the household production boundary.
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Figure 20: High-Usage Regions Drive Conversational AI Volume Disproportionately to their
Population

Notes: This figure compares the share of global population against the share of global conversational AI usage
across the five per-capita usage quintiles at the country/region level. Multipliers denote the ratio of usage share
to population share for each quintile (for instance, countries and regions in the “Medium” quintiles represent 1.2x
their population in terms of usage). The quintiles are based on country-level conversation volume per capita,
adjusted for Gemini Apps penetration. China and countries/regions with populations under 1,000,000 are excluded.
Note that the analysis aggregates country-level data, which may mask within-country inequality in adoption and
usage.
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